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“Approximating equivalence queries through membership queries”
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Figure 2.1 An example specification with
input I = {a,b,c}and output O = {0, 1}.
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Il - Résultats et conclusion

Size 5 DFA (k=3) Size 10 DFA (k=5)
Approche 231 465
minimale (totale)
Approche learner 148 469
aware (totale)
Approche 216 437
minimale
(équivalence)
Approche learner 138 446
aware
(équivalence)
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5 Test Case Prioritization

To establish equivalence, all tests in a complete test suite need to be executed
and their order is then irrelevant. However, to find a counterexample, we only
need to execute tests until we hit that counterexample. This means that different
orderings lead to significant performance changes [7]. In this section, we first
describe the state-of-the-art in (ordered) test suites. We then create new, ordered
test suites, that combine the ETS’s from Sec. 4 adaptively.
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Algorithm 1 Constructing a W set learner aware

Require: A W set given by the learning algorithm
Ensure: A minimal subset of W which is still a characterisation set

. function WFROM(W, K = ()

[y

2: Create a set C for all sets that are still characterisation set
3 Create a set N for all states that are mandatory
4: for all words w in W do
5: construct F' = W\{w}
6: if F' is a characterisation set then
T add F to C
: else
9: add w to N
10: end if
11: end for
12: if C' = () then
13: return K UN
14: end if
15: for all sets Wi in C do
16: invoke WFROM (Wi, K U N)
17: end for
18: return the WFROM with the smallest length
: end function




